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A Personalized Hand Gesture Recognition System
using Soft Computing Techniques
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Abstract

Recently, vision-based hand gesture recognition techniques have been developed for assisting elderly and disabled
people to control home appliances. Frequently occurred problems which lower the hand gesture recognition rate are
due to the inter-person variation and intra-person variation. The recognition difficulty caused by inter-person variation
can be handled by using user dependent model and model selection technique. And the recognition difficulty caused by
intra-person variation can be handled by using fuzzy logic. In this paper, we propose multivariate fuzzy decision tree
learning and classification method for a hand motion recognition system for multiple users. When a user starts to use
the system, the most appropriate recognition model is selected and used for the user.
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Fig. 1. Inter-person variation of three hand motions
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Fig. 2. Structure of the personalized hand gesture
recognition system
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Fig. 3. A univariate split(a) and a multivariate split(h)
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